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Projection and Comparison of the Hospitalization Expenses of Medical

Insurance Covering Alzheimer$ Disease .

Based on the Machine Learning Model

Zhao Yingxu
Liu Yisheng

Bao Zhuqing
Chen Hao

Gao Shan Zhou Liang

Zhang Ning

Abstract; Alzheimers disease seriously affects the quality of life of the elderly, and its impacts continue to

deepen as the proportion of the aged keeps rising and the life expectancy increases in China. The development of

commercial health insurance for Alzheimers disease becomes more and more important. Based on detailed historical

data,the paper used the generalized linear model to estimate pricing factors to predict the hospitalization costs of

Alzheimers patients. Meanwhile, it also applied the machine learning methods like random forest, LASSO regres-

sion and Light GBM to estimate and predict hospitalization costs of Alzheimers patients. This research is of great

significance for insurance companies to develop diversified products, enrich the insurance market, and help the eld-

erly. The horizontal comparison of the four methods show that machine learning methods have greater advantages in

cost estimation, and also have greater potential in the number of influencing factors, precise pricing and model ad-

aptation. The final calculation results and the process method combined with the hospitalization rate data can be

used to specifically calculate the medical insurance cost of Alzheimers disease.

Key words ; Alzheimers disease ; commercial medical insurance ; applying for insurance with existing disease;

machine learning ; premium calculation
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